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Reference Segquence TAGGTCTGETATGACAGACRACRARGRAAGATS
Perfect Match Probe CAGACATACTEGTMTGTETTTCTTCT
Mismatch Probe CRGACATACTGETETIGTGTTTCTTCT
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Fig 1: An example of reference sequence, perfect match probe and mismatch probe in

Affymetrix gene Chip.
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Table 1: Eight methods used for data preprocessing (two background correction methods x two
normalization methods x two abstracting methods)

Gilwossy Sibwdloy Doy, T ohey ol

Abstracting Normalization Background correction Number of method
Quantile normalization RMA.2 1
Medianpolish MAS.5 2
Scaling normalization RMA.2 3
MAS.5 4
Quantile normalization RMA.2 5
Tukey biweight MAS.5 6
Scaling normalization RMA.2 7
MAS.5 8

!Microarray Suite 5.0
2Robust Multi-array Average
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Table 2: The Spearman correlation between the ranks of genes (above the diameter) and the numbers of
the genes with different expression (on the diameter) in different pre-processing methods (11850 genes).

8§ 7 6 5 4 3 2 1 P oo
pre-processing method
34 43 59 94 32 40 59 58 1
48 34 A 58 47 32 39 2
66 91 33 41 67 57 3
90 65 55 32 51 4
34 45 59 54 5
50 34 73 6
66 94 7
92 8
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(30 ey, BliBn (sl g 50 o il P gl il o 5 Sz oS (51 s
Table 3: The Spearman's correlation (above the diameter), the number of significant genes (on the
diameter), and the number of common genes (below the diameter) between the ranks of the first 100 genes
with the smallest P values corrected in the method various pre-processing methods.

8 7 6 5 4 3 2 1

67 34 57 94 59 43 54 58 1
71 44 84 51 72 40 39 43 2
59 83 20 37 38 57 39 60 3
77 57 60 50 51 46 57 36 4
54 33 61 54 37 57 44 90 5
71 32 73 41 51 37 80 40 6
61 94 40 61 46 84 41 61 7
92 48 64 39 74 46 58 39 8
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